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Machine Learning With R Cookbook - 110 Recipes for Share W @ <Embec>
Building Powerful Predictive Models with R Paperback — March
g . Buy New $39.99
26 2015 a1 v
by Chiu (David Chiu) Yu-Wei ~ (Author) i
irvryrsy v 10 customer reviews In Stock.
Ships from and sold by Amazon.com.

Gift-wrap available.

- Add to Cart ‘

This item ships to Taipei, Taiwan;
Republic of China. Learn more

See all 2 formats and editions

Kindle Paperback ‘
$31.99 $39.99

Read with Qur Free App 9 Used from §43.64
16 New from $39.99

Machine Learning with

R Cookbook
Key Features Lm Pay in TWD with 1-Click ‘
« Apply R to simplify predictive modeling with short and simple code Price in TWD: 1,363.80
- Use machine learning to solve problems ranging from small to big data Change 1-Click payment to USD
» Build a training and testing dataset from the churn dataset, applying different Ship to:
() Flip to back classification methods DGR e
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B But the serious problem is that there's no
navigating bar supported for Mac OsX

Showing 1-1 of 1 reviews (1 star). Show all reviews

777777 Decent contents but poor book structure
By Taz on August 3, 2015
Format: Kindle Edition = Verified Purchase

This book has pretty decent contents and well curated examples. But the serious problem is that there's no navigating bar supported for Mac OsX. | have
contacted the customer service in many emails but circulating discussion, which made me send the screenshot for the diagnostic several times.

Missing the navigating bar is not tiny one as you need to find information yourself and back to the page in that you don't know where you are reading now.
The publisher should fix this issue.

b 2 comments 2 people found this helpful. Was this review helpful to you? | Yes Mo | Report abuse
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0.8~0.86 = =+5E8 (good correlation )
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<0.4 EEZEERE (poor correlation )
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B Stanford Word Segmenter

http://nlp.stanford.edu/software/segmenter.shtml
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O R %%



http://nlp.stanford.edu/software/segmenter.shtml

IRAPEEE RA (=)

B Python Jieba™ 3 %3 &)
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FE B Bs AR 21 11k 5 58 2R Tt B A R A9 B 1K
Oy s A HVMM 22! ( Hidden Markov Model ) &
Viterbi 572 2R ¥ 58 1 2K
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B Andrey Markov

(14 June 1856 N.S. — 20 July
1922)

B Calculated letter
sequences of the
Russian language




[5] e i 22l

B States -> "F", "L" B Emission Matrix
Fair | Loaded
B Transition Matrix { 16 | 1/10
Fair | Loaded 2 1/6 1/10
Fair 0.95 0.05 3 1/6 1/10
Loaded 0.1 0.9 4 1/6 1/10
5 1/6 1/10

6 1/6 5

41




Problem Description




Algorithm

B Given Observable Sequence:
6,6,4,1,5,3,2...

6 6 1
n




Start to Step 1

6 1
0.5*0.167 ‘ ‘
[ |

P_Start(State) * P_Observe(6)




Step 1to Step 2

P(F) *P(F -> F)* P(6 | F)
= 0.0835 * 0.95 * 0.167 = 0.013247275

P(L) *P(L->L)* P(6 | L)
=0.1*0.9* 0.2=0.018

P_OldState(State) *P_Trans(Old_State -> New_State)* P_Observe(6 | New_State)




Most Likely Path

P(F) *P(F -> F)* P(6 | F)
= 0.0835 * 0.95 * 0.167 = 0.013247275

P(L) *P(L->L)* P(6 | L)
=0.1*0.9* 0.2=0.018




Step 2 to Step 3

P(F) *P(F -> F)* P(1 | F)
= 0.01324 * 0.95 * 0.167 = 0.0021

F

0.01324

P(L) *P(L->L)* P(1 | L)
=0.018 *0.9 * 0.1 =0.00162

P_OldState(State) *P_Trans(Old_State -> New_State)* P_Observe(1 | New_State)




Most Likely Path

P(F) *P(F -> F)* P(1 | F)
= 0.01324 * 0.95 * 0.167 = 0.0021

L

0.00162

P(L) *P(L->L)* P(1 | L)
=0.018 *0.9 * 0.1 =0.00162

P_OldState(State) *P_Trans(Old_State -> New_State)* P_Observe(1 | New_State)




Path Construction

Max(Probability) = 0.021

6 6

0.00162

State Sequence: Fair, Fair, Fair
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H 5 4 e

B ¢JJU5HER |nitStatus

#B -0.26268660809250016

#E -3.14e+100
475 A
[#M ~3.14e+100 i@ﬁﬁ\o

#S -1.4652633398537678

B B0 [E 3R TransProbMatrix

B E M S

3.14e+100 -9.510825623765990 -0.916290731874155 -3.14e+100
-0.5897149736854513 -3.14e+100 -3.14e+100 -0.8085250474669937

-3.14e+100 -0.33344856811948514 -1.2603623820268226 -3.14e+100
-0.7211965654669841 -3.14e+100 -3.14e+100 -8.665863]d487982lﬂ

nwEHw




EmitProbMatrix %bp&

B P(Observed[i], Status[j]) = P(Status]j]) * P(Observed]i]|Status]j])

#B
fif PB1, X PB2 #PB3
#E
fi] PE1, WPE2 #IPE3 EEL A0 53R
idg FEEFHIRN
foif PM1, W PM2 #TPM3 Mz
#S s

fif PS1, WPS2 F#TPS3
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B it X = B 2

m I — B R A R

OMREBHERIDR - BEREERNEPZRLIR -
AEERZFR R 7 ER X ERVIF

O] AR L2 H RN N EERE
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TF-IDF

B TF (Term Freguency)
O & 5 1 s SR RY 3R R E
O E FsEwa X AEd S I IR R EL: count(w, d)
O EdHP 4255 8L size(d)
Otf(w,d) = count(w, d) / size(d)
B IDF (Inverse Document Frequency)
D—1@Eﬂ§%%ﬁ§§%'f§ﬁ@§%
A X AE A BN
an—JWﬁﬁHjEEFﬂEQdOCS(W D)
Oidf = log(n / docs(w, D))
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s A FEME (document-term matrix)

s ="REEXRHMFEMCZ MOZ ? P&

s1="fIPTHAREEAEEFH'
B
REE"E" OUET O "Mt "EMET R st Pt tEEET AR "eEt "R
[s] 1 1 1 1 1 1 1 1 1 0 0 0
[s1] 1 0 0 1 0 0 0 1 0 0 1 1

\
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Fuclidean Distance v.s. Cosine Distance

New dist (ab)

4

dist(A,B)
B

S+ AR 6) S B i
MIFRBETERRE
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B R A

GFA K1 E&EH2-F2 FEH1-BEEFX1- A1 110~
AfB:H1 EE2 - F2 ER1 EX1 - f2 -11-

9FA:[1,2,2,1,1,1,0]
9FB:[1,2,21,1,2, 1]

I1X14+2X242Xx24+1X14+1Xx14+1x240x1
cosB = (x1, y1)
il

VIZ+22+22 412 +12+ 172+ 02 xV12+ 22+ 22+ 12+ 12 + 22 + 12

B 13 (x2, y2)
" VxS L

= 0.938
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{EFNaive Bayes 7 $633

B Bayes 77 #8z3)R EBayes Ei®

Drew Barrymore Drew Carey

What is the probability of being called
“drew” given that you are a male?

/ What is the probability

~~ of being a male?
p(male | drew) = p(drew | male ) p(male)

What is the probability of

being named “drew”?

p(drew) <




Naive Bayes 733873

B R A E(Feature) & A& 1T

! FRIEFeature d A AE 2H Fllc B
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http://vtwtv.net/forum.php?mod=viewthread&tid=78600&tpage=7
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B Summly
O http://summly.com/

Of British adults who live
or work in a city:

‘ 48%l

want a service which hosts their
favourite news in one place

are interested in a service which
monitors the news content read
by people they know

[

check their favourite
social networking site
several times a day...

00,000 | S , - 4- E ' ...of which

news articles are : ;
summarised by Summly R 55%

After launching in November, the
Summly app has had more than

500,000

users in 4 weeks

every day

Sources: 3
Metro/Future Foundation, do so on their

smartphone
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Word2Vec

BERAEEIZER I E NEEHtUTZKEZRE?
/WOMAN AUNT QUEENS
MAN g’fj? \\\\
UNCLE KINGS
QUEEN R\\\\ QUEEN
/ /

KING KING

(Mikolov et al., NAACL HLT, 2013)
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